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2. earnin g na yS IS eu I"ISt ICS INnst- prediction 4 e A method that uses a program reducer for generating
| — | ance Precision Recall Prove Cost Prove Cost feature programs, which capture important behaviors of
e Example: partially flow-sensitive interval analysis ] ] : ] static analysis
ITV 745 %| 758 %| 80.2 % 2.0x| 55.1 % 2 .3X
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3 assert(y>0); //Queryl1l ApplyFS!
4 assert(z>0); //Query?2 FI ¢ Experimental evaluations with three different kinds of
5 assert (w == 0); // Query 3 FI e Generated feature programs .
(Top 2 in partially-FS interval analysis) static analyses.
o Learnaclassifier C : B” — B that selects Query 1 only. Then, E [€ program : [€ program
(1) Collect queries that C predicts positively. Gl  buf (101 N\ /k = 255; p = malloc (k); N\ 6 Conclusion
(2) Collect program parts that are required to prove the queries. for (i = 0 i’< 7. i) { while (k > 0) { .
- ’ *(p + k) =0; // Query 2
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Our goal: Automatically generate features to automatically } ! ' e We have identified and solved the problem of manual
represent each query as a feature vector (B"). - /X / feature engineering in data-driven static analysis.




